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{Exploring the Feasibility of ChatGPT for Event Extraction)

o FRIR[AJER : zero-shot event extraction --ChatGPT

r — ~

Task Description

LY > N ]
~ 0
® E g E I£ e E D Eg jg Q A ( m u I t I- t u rn ) This is an event extraction task where the goal is to extract structured events

from the text. A structured event contains an event trigger word and an event
type.

® EEAIJ )\ . 1£ % ?E %\ L\/L & 5&5 /_-l—T /_-l_T 1§U Event types and their definitions

Contact,Meet: A MEET Event occurs whenever two or more Entities come
AN . =+ 't 7, — H together at a single location and interact with one another face-to-face
® EEI_I H:Il . ém *A J:l:ﬁ I ( J S O n ) Life.Die: A DIE Event occurs whenever the life of a PERSON Entity ends.

Positive Example

Input: In neutral Switzerland , Foreign Minister Micheline Calmy - Rey said the
United States ' decision to proceed with military action weakened the United
Nations .

Output: [{"tngger: 'action’, "event_type": 'Conflict. Attack'} ]

Negative Example

Input: Inspectors also returned to a former helicopter airfield where Iraq buried
bombs it says were armed with biological weapons in 1991
Output: [{tngger: 'returned’, "event_type': ‘Life.Marry'} ]

Comoet | Bvonbsace ]

M Input: Erdogan , a leader of Turkey 's pro - Islamic

movement when he was jailed , said he moderated his

policies in prison .

+ Expected Output: [ {'trigger”: "jailed’, ‘event_type":
Justice. Arrest-Jail'} ]
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o AN HEHMBELLER ( #iE&E ace2005 , FEALEEIE20N M FEAININ , baselines:Text2Event[1]. EEQA[2]) :

o 1. SRMBARELE (HFR1)

Event Detection
P R F1

ChatGPT 57.14 72773 64.00
Text2Event (T5-base) 75.76 75.76 75.76
Text2Event (T5-large) 82.76 72.73 77.42
EEQA (BERT-base) 81.82 81.82 81.82

Table 1: Comparison with task-specific models.

e 1. LuY,LinH, XuJ, et al. Text2event: Controllable sequence-to-structure generation for end-to-end event extraction[J]. arXiv
preprint arXiv:2106.09232, 2021.

e 2 Du X, Cardie C. Event Extraction by Answering (Almost) Natural Questions[C]//Proceedings of the 2020 Conference on
Empirical Methods in Natural Language Processing (EMNLP). 2020: 671-683.
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¢ 2. 5AEpromptltE ( RRFJMWARE R chatgpttEaesZIg )

Event Detection
P R F1

Full Prompt 57.14 7273  64.00
- Positive Example 48.00 7273 57.83
- Negative Example 62.50 75.76 68.49
- Event Type Definition 47.50 57.58 52.05

Table 2: Instructing with different elements.

o 3. RAEFEBMENMIUEH?
o --MINERER : 1920 MHEMUEM  [BRTEZRFINSHMAIRTERE |, B[]
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DHKEMERER (—9EE2I21FH ) HFRM ¢
e low-frequency(<10);high-frequency(>=10)

e Simple sample(=1);complex samples(>=2)

High Frequency Low Frequency Simple Examples Complex Examples
P R F1 P R F1 P R F1 P R F1
ChatGPT 23.08 45.00 3051 2340 5500 3284 49.00 50.00 2899 4231 5238 4681

Text2Event (t5-base) 55.56 50.00 52.63 61.90 65.00 6341 79.17 9500 8636 81.82 6429 72.00
Text2Event (t5-large) 54.55 60.00 57.14 60.00 60.00 60.00 75.00 90.00 81.82 88.57 73.81 80.52
EEQA 59.09 65.00 6190 61.11 5500 5789 7826 90.00 83.72 8235 66.67 73.68

Table 3: Performance of ChatGPT and task-specific models in long-tail and complex scenarios.
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o 5. IFAHERIVAETEEEBERNS N
o ST AN B UIRIFEARIFMGLER ; ace05testPRENVLIEFE10MES ; BAZESK ;
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Figure 2: Performance of ChatGPT with different num-
ber of attempts by four annotators.
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o 1. FRRIAER : EEIRENNRBHIEREX (FEIFMAE. REREEEIESE )  FIAXERE
--chatgptBE oS EFIEREGREIE , IR EH*audio-language (AL) multimodal learning{E5%
HIZEEWavCaps

o TEHL : LMEMAE (iamage-based filter, text-based filter ) EMEERR, AL , BH=
frEEMpiplinet BN IRIBREHEMABRENEE  BEETXAHINIMEBI EELREE , &
REEFchatgptiERBEIRE ML lcaptionBT F , REFKNESLEMERMAEE M ERAIEE
Nl  REBIE PR , BRSNS MFRmEIEEWavCaps
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o NME = piplines

o INERIAZLIE : https://sound-effects.bbcrewind.co.uk/. https://soundbible.com/. BBC.
AudioSet

o 1. pre-filtering: Ml FREFIFERITK/NTF 1R BIEIE | XfreesoundBUERABMXALIE (&
FEPHENEHEREERAR—TRAFERN LES MR RN EEN , FESEMmE
KR ) MBI IEE2650005% KR EIE.

e 2. ChatGPT-based Transformation : FERBIHLAITHRAL : 1) ERBEGENEENERYEH
TR 2) BRERTARIMNERESPHEMBAGESINR , I AF, UEF ; 3) H
(REFMSESERNEMER , MPAREZE , promptdlT

g1
C
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TABLE 1
EXAMPLE PROMPTS TO CHATGPT FOR FREESOUND AND AUDIOSET STRONGLY-LABELLED SUBSET. TRANSFORMATION EXAMPLES ARE ARE IGNORED.
‘SL’ REFERS TO ‘STRONGLY-LABELLED’.

Data sources Prompts

[ will give you a list of descriptions of sounds. Process each individually. Extract the type of the sound and generate an
audio caption describing the sound events. The audio caption should be less than 20 words. Delete the author of the sound.
Delete locations, city names, country names. Delete the time. Delete device names. Delete the proper noun modifiers, number
modifiers, and unit modifiers. Summarize each output into one sentence. Replace all named entities with their hypernyms.
Replace people names with “someone”.

Do not write introductions or explanations. Only describe the sound events and do not use “heard”, “recorded”. Start each
output sentence with its index. Make sure you are using grammatical subject-verb-object sentences. Output “Failure.” if the
description is not related to sound.

I will give you a number of lists containing sound events occurred sequentially in time. Process each individually. Write an
one-sentence audio caption to describe these sounds.

Make sure you are using grammatical subject-verb-object sentences. Directly describe the sounds and avoid using the word
“heard”. The caption should be less than 20 words.

FreeSound

BBC Sound Effects

SoundBible

AudioSet SL
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e 1#2 ChatGPT-based Transformation : i A\

TABLE II

EXAMPLES OF RAW DESCRIPTIONS AND CHATGPT’S OUTPUTS.

Data sources

raw descriptions

ChatGPT’s output

FreeSound

This sound is of a book falling down the staircase in the Stanford University
library west stacks.
After 2h and 15min. Excerpt.

A book is falling down a staircase.

Failure.

BBC Sound Effects

Timber & Wood - Rip saw, carpenters’ workshop.
Motor Car: Ford Ecsort 1300 (Automatic) - Ford Escort 1300, exterior, passing
with horn. (1300cc engine, automatic transmission.)

Someone is using a rip saw in a carpenter’s workshop.

A car is passing with its horn.

SoundBible

Tasmanian Devil growling screaming hissing. Warning sounds from a Tasmanian
Devil in Zoo.

Large Tibetan Bells ringing in a temple. Could also use for Monastery or Monks.

An animal is growling, screaming, and hissing.

Bells are ringing.

AudioSet SL

[‘Accelerating, revving, vroom’, ‘Race car, auto racing’|
[‘Female speech, woman speaking’, “Whoosh, swoosh, swish’]

A race car is accelerating and revving.
A woman is speaking while something whooshes.
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e 3. Post-Processing : HF & chatgptbIBEEREIET e FENRERRENRREE. AR,
WEFEE , WIMNEE/NBo EREMEAX , ELHENKEEL  EhEAneriZ BRI 888 E.
. WERNASEREE ; AEHEXEMchatgpt, —iROIHFRTBLRER | WREFBEMER |

N EFZEE.

e WavCaps#iEo it : A ERIEXILL

TABLE 111

STATISTICS OF HARVESTED RAW DATA AND WAVCAPS DATASET.

Data Sources

Before Processing

After Processing

num. of audio

avg. audio duration (s)

avg. text length

num. of audio  avg. audio duration (s) avg. text length

FreeSound 567078 56.87 17.74 262300 85.98 6.77
BBC Sound Effects 33064 115.75 15.91 31201 115.04 9.67
SoundBible 1576 11.20 17.90 1232 13.12 5.87
AudioSct SL subsct 108317 10.00 - 108317 10.00 9.79
WavCaps - - 403050 67.59 7.80
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Fig. 2. Word clouds of top 100 words in WavCaps datasct (top) and the entire
harvested raw descriptions (bottom), stop words arc ignored.



