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o BIANZFEMFININE BIRELL, T AMEZEE PLM 5/)08 PLM R[E8I174 (330M-
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* B{ZZ%$1%% (10B ~ 208B) :
* mT5, PanGu-a, TO, GPT-NeoX-20B, CodeGen, UL2, Flan-T5, mTO
* Flan-T5-11B & instruction tuning B9XFR MR 3 N AHEIEZR T instruction tuning ; a) 1&
JMEFEE; b) H KRB KN ¢) CoT 713
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o[
 Stanford Alpaca, Z—-)" instruct-
following model 71T LLaMA-7B
 text-davinci-003 A 52K

instruction-following demonstrations g Comeonia L= *”

HT Alpaca-52K BUAE T
AlpacaloRA, Koala, BELLE
ZIRSIBE S IREY

* ShareGPT i P Z X TAEUHEI%:

BT Vicuna 4 7 LLaVA,
MiniGPT4, InstructBLIP, PandaGPT

* Vicuna,

= = = = Continue pre-training m LLaMA Parameter-efficient fine-tuning
Model inheritance Instruction f"}w\
Data inheritance tuning ~ ‘!\ o Full parameter fine-tuning
+ chinese data ‘ \7 + chat data
"""""""""""" N\ A4/
aemmT Vv
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Chinese
. rd .
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1 RLHF Yulan-Chat
hat data /! BELL T Alpaca @ Goat | [
+ chat data 1 PKU-B =
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+ chat data
+ Alpaca data
.I. Lawyer
7 | LLaMA OpenFlamingo LLaVA
(/&) BELLE MiniGPT-4
+ chat data .
QiZboaGPT Ziya + task data
iZhen! i
Chinees Baize + task data
Alpaca + task data Guanaco
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LLaMA
ChatMed ]
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* instruction tuning
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prompted training) , PUATRIE, X EFRWIVRIVET H
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* Reinforcement Learning from Human Feedback (RLHF), InstructGPT



Instruction Tuning — #3972 7)l| 2 523

Human-written Task description

—  Please answer this question:

Demonstrations

NLP Datasets Q: What is the capital of France?

Sentence Question A: Paris.
Composition Answering ;
Textual i Q: What is the capital of Brazil?
Entailment . A: Brasilia
araphra :
Sentiment SIng
Analysis :
Misc. Input Output
Text NLI Question
to Generation Q: What is the capital of China?
Code Translation A: Beijing.

(a) Formatting Task Datasets

API collection

Task description

Can you recommend some ways
to lose weight?

Desired output written by human

v
Output

Here are some ways to lose weight:

1. Eat a healthy diet: Focus on ...
2. Increase physical activity: Engage ...

(b) Formatting Daily Chat Data

Human-written§

....................

i Seed
Instances ™% Instance Pool
Instruction @ I
Generation .
LILM Filter
Task description
Give me a quote from a

famous person on this topic.

©

LLM

Input-Output
Generation

Output

Input: The importance of being honest.
Output: Honesty is the first chapter in
the book of wisdom.

Input

(c) Formatting Synthetic Data
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Alignment Tuning - RLHF

o [FRER LLM, 540 OpenAl {#
FH 175B GPT-3 SEiHE H
InstructGPT

« MAERIFRFFINRZMIER,
h1&%A*ﬂ$mI$ﬁﬁm

(237]) IESRES.

* WA LM S E A KR

MLY% LM, OpenAl 1% F*

6B GPT-3

- s FESIEIR, ERARERE
B2k AL LM

/ Prompts
Human :

Supervised Fine-tuning

Training with demonstration data

— I—

Annotator
\ Demonstrations ——>  Pre-trained LM
" Demonstration Data
Reward Model Training

,,,,,,,,,,,,,,,,,,,,,,, Il’,f,',,',,',f,',f,',,',,',,',,',,',,',,' ST T T

s & :
- Prompts —> LM Outputs Reward -
e e e 1 Model

Pre-trained LM

]

Ranking  Human Feedback ™1 inins with feedback data

RL Fine-tuning

_______________________________________

R Reward E A
L Prompts Model . ¢
O I ,i 1 l — Aligned LM

; 1 AA - —> T

LM Outputs <[ &

Reward Training with RL algorithm (PPO)



Parameter-Efficient Fine-Tuning Methods

* Adapter Tuning : EIEFRIF 5| N\/NAIFHEZ LK 75 2 adapter, adapter R SHRINEF—
Transformer EH, KRB XL adapter PSS HSS5HA, RESHHEE

* Prefix Tuning : J§—ZRF|FI5R (—AHTT I EIL token) RINFHESERFHED
Transformer &, RBEXEFERSEHEZS 5% ( p-tuning v2 2511

* Prompt Tuning : R AZIETARINTINNZNRREDE (FER) , RABEXLETF 3] token
=z5l%.

y gv%;(Rank Adaptation (LoRA) © EENEEZRTEIMEKLRKITIAEFERE, DU IZ
Z2>%Xo
* WHRR LM 2 A (B120 LlaMA F BLOOM)

« AlpacaloRA {# H LoRA YI|ZBF|AY, 1E4 Alpaca IR ERIFZEERR K (a fine-tuned 7B LLaMA model
with 52K human demonstrations of instruction following)

o SCISZRAA, L Fh efficient tuning 7757, LoRA RINEZF

e HuggingFace &% HY PEFT &, 3CIN T £ Fh efficient tuning J77%
* %5 LoRA/AdaLoRA, prefix-tuning, P-Tuning, prompt-tuning
* https://github.com/huggingface/peft

2023 arXiv. A Survey of Large Language Models



PRACTICAL GUIDEBOOK OF PROMPT DESIGN

[ €3 Google #li¥

c V)

B Aishort (ChatGPT Shortcut) -

aishort.top

§ wshort WEmmE QKR

Filters 276 prompts

¢4 S{E%%E) @ XE/RES
=2k NE= (] W% @ TE @
=i 17l [E5je) i)

Our favorites ¥
S{ERNE & 36.2k Y an

REEAH prompt, AFRAXARINIE
&, EMEMEEE, REAEY.

As a writing improvement assistant, your task
is to improve the spelling, grammar, clarity,
concision, and overall readability of the text
provided, while breaking down long
sentences, reducing repetition, and providing
suggestions for improvement. Please provide
only the corrected Chinese version of the
text and avoid including explanations. Please

begin by editing the following text: [XERH]

ortcut/discussions/11

https://github.com/rockbenben/ChatGPT-

IT/%7%E @ Al

ne

Ui AR 23 BE/ENE

Latest @

KEEAIAE~Y RE

Al Short

1A= ISR ChatGPT IR1EIES

g% A ERIIRRIIR T

AiERE HIREIR @ BohER e R @

AHENER @ KRISTE XA[TE @ EWR @

#HEXRTIE @

Y am

INTBRAE ) 26.4k Midjourney R4 Al 2% ©

N 12.8k a#
BN E BEMNI B Emoji NS,

BT R RHOEGERATIFAEAB RN
iR, A Midjourney 4 BUIRIS A BAIE K.
XtiEMATF Stable Diffusion, HEFERRNSA
—F T A IMGPrompt, 8] ATE S P EIE

#.

Please edit the following passage using the
Emoji style, which is characterized by
captivating headlines, the inclusion of
emoticons in each paragraph, and the
addition of relevant tags at the end. Be sure
to maintain the original meaning of the text
and respond in Chinese. Please begin by
editing the following text: NI PBAE

| want you to act as a prompt generator for
Midjourney's artificial intelligence program.
Your job is to provide detailed and creative
descriptions that will inspire unique and
interesting images from the Al. Keep in
mind that the Al is capable of

BERIRH

X R v

O o o

REBH @ BEIFE ®

SEO E4x @ <RI 5]

CT—

Nature Mg anek @ s

181ZH8 Nature NIgIHE, |EFINRMEEA
BRIFNBIENIE, KB @Pfyuan77 191875,

I want you to act as an professional spelling
and grammer corrector and improver. | want
you to replace my simplified AO-level words
and sentences with more beautiful and
elegant, upper level English words and
sentences. Keep the meaning same, but

make them more literary and improve my
expression in the style of the journal Nature.




Instruction 325

Is this review positive ? a

7

[ That movie was a real masterpiece!] @ Is this review negative ? - O AO ‘ - Positive
2

-

Is this review neutral ?

(a). Entailment-oriented Instruction

Good
. . ) — - Wonderful —
That movie was a real masterpiece! | (O This movie is . A - Positive
Popular
(b). PLM-oriented Instruction
ﬁefim‘tion: \
Given a movie review, your task is to classify it as “positive”,
“negative”, or “neutral” based on the sentiment. Do not a
[..]
optional . , o
Examples: ® [That movie was a real masterp:ece!] - O Ao - Positive

Input: | didn't really enjoy that movie. Output: Negative
Input: | thought that it was really well made. Output: Positive

www, complete the following instance: / (c). Human-oriented Instruction

Is Prompt All You Need? No. A Comprehensive and Broader View of Instruction Learning



